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Abstract 
This article critically examines how AI-supported visual evaluation tools – particularly predictive atten-
tion modelling software – are reshaping brand perception and design decision-making in hyperdigital 
environments. Drawing on a two-phase qualitative study involving practitioners and subject expert, it 
introduces the concept of the algorithmic gaze to interrogate how these systems simulate, encode and 
prescribe normative visual hierarchies. The analysis reveals that while such tools offer operational 
efficiency, they often obscure cultural nuance, misrepresent audience engagement and displace hu-
man interpretive agency. Practitioner interviews highlight tensions between usability and trust, 
especially among junior professionals, while expert reflections situate these dynamics within broader 
discourses of epistemic authority, ethical design and algorithmic bias. These insights are contextual-
ised by the rhetorical framing of AI tools as scientifically authoritative, which shapes practitioner 
expectations and contributes to a culture of deference to data. The article synthesises its findings 
through the Interpretive Stewardship heuristic – a model comprising three interlinked dimensions that 
offer a scaffold for ethical engagement with AI tools in branding. It argues that branding must be re-
framed as a site of cultural negotiation rather than computational optimisation and calls for regulatory, 
institutional and design-level commitments to transparency, inclusivity and reflexive practice. These 
findings contribute to emerging debates in branding, media theory and AI ethics. 
 

 
Keywords Algorithmic gaze, AI ethics, Infosphere, Interpretive Stewardship, Feminist data ethics, 
Brand perception 

 
 

1. Introduction 

Artificial intelligence (AI) is rapidly transforming the landscape of brand communications, not only 

by automating design processes but by reshaping how visual meaning is constructed, evaluated and 

legitimised. In the UK, this transformation is unfolding within a broader national ambition to lead the 

global AI revolution. The recent UK Government’s AI Opportunities Action Plan calls for a “push hard 

on cross-economy AI adoption”, urging both public and private sectors to rapidly pilot and scale AI 

products to “drive better experiences and outcomes for citizens and boost productivity” (DSIT, 2025). 

Branding and advertising are central to this agenda, with AI-supported tools increasingly positioned as 

solutions for streamlining creative workflows and enhancing message effectiveness. 

Among these tools, AI-supported visual evaluation solutions – such as predictive eye-tracking 

software – claim to simulate human attention with high fidelity, offering heatmaps, gaze plots and at-
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tention scores that purport to guide creatives toward more effective brand messaging. Yet, as recent 

research demonstrates in a comparative study of research-grade eye-tracking and AI-supported soft-

ware, such claims often mask significant discrepancies (Olsen, 2025). 

Despite their growing adoption, there remains a critical gap in understanding how these tools influ-

ence interpretive agency, cultural representation and ethical decision-making in branding practice 

(Erickson, 2024; Heigl, 2025; Hue & Hung, 2025). Existing discussions tend to focus on technical per-

formance or user convenience, often overlooking the normative assumptions embedded in algorithmic 

outputs and the epistemic consequences for practitioners. Moreover, while algorithmic bias and opaci-

ty have been widely examined in other domains, their implications for visual culture and strategic 

brand communication remain underexplored. This article addresses this gap by interrogating how 

predictive attention modelling tools shape brand perception and design decision-making in hyperdigi-

tal environments. It introduces the concept of the algorithmic gaze to explore how these systems 

encode and reproduce assumptions about attention, desirability and meaning. Drawing on empirical 

interview data and a discourse analysis of vendor claims, the article investigates how practitioners 

and experts engage with these tools and how their responses reveal tensions around interpretive 

agency, ethical design practice and inclusivity. 

In doing so, the article contributes to emerging debates in branding, media theory and AI ethics. It 

argues for a reflexive and value-conscious approach to AI deployment; one that foregrounds trans-

parency, cultural sensitivity and human-centred design. The following sections trace how algorithmic 

authority is constructed, negotiated and resisted across professional contexts and what this reveals 

about the future of branding in a hyperdigital world. 

 

1.1. AI-supported Visual Evaluation in Hyperdigital Branding 

AI has become a central actor in the design, delivery and evaluation of brand communications. Its 

integration into advertising and branding practices reflects a broader shift toward automation, predic-

tive modelling and data-driven optimisation (Deloitte, 2025; McKinsey & Company, 2023; Steimer, 

2019). AI-supported tools now routinely simulate consumer behaviour, generate performance metrics 

and offer design recommendations based on algorithmic interpretations of visual stimuli (e.g., Exner et 

al., 2025; Harkness et al., 2023; Hue & Hung, 2025). These systems are marketed as efficient, scala-

ble and empirically grounded; qualities that appeal to practitioners operating under time and budget 

constraints (McKinsey & Company, 2023; Samson & Pothong, 2025). In particular, predictive attention 

modelling tools have gained traction for their ability to produce heatmaps, gaze plots and area-of-

interest rankings without the need for human participants (Olsen, 2025). Their outputs are presented 

as proxies for audience perception, enabling creatives to make rapid decisions about layout, hierarchy 

and focal emphasis. 

Yet, the epistemological foundations of these tools remain under-theorised. While they claim to 

replicate human attention with high fidelity – often citing benchmark comparisons with eye-tracking 

studies (e.g., 3M VAS, 2025; EyeQuant, 2025; Feng-GUI, 2025) – the basis for such claims is rarely 

transparent. The algorithms that underpin these systems are proprietary and the datasets used for 

training are typically undisclosed, limiting opportunities for external scrutiny and risking flattening per-
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ceptual diversity and overlooking the interpretive strategies audiences use to make sense of brand 

content. 

These limitations are particularly consequential in relation to equity, diversity and inclusion (EDI). 

Bias in AI systems more broadly has been well-documented, especially where training datasets un-

derrepresent marginalised groups (Adib-Moghaddam, 2023a; Heigl, 2025; Manyika et al., 2019; 

UNESCO IRCAI, 2024). When cultural nuance and lived experience are excluded from algorithmic 

modelling, the outputs may misrepresent or ignore key audience segments (Adib-Moghaddam, 

2023b). While concerns about AI bias have been explored in various domains, they remain under-

researched in branding and advertising communications, where recent bibliometric analyses reveal 

that marketing-specific investigations are sparse, fragmented and rarely address how algorithmic out-

puts shape visual and strategic brand decisions (Bacalhau et al., 2025; Hue & Hung, 2025). 

The gap in research has tangible implications for branding practice. In branding contexts, algorith-

mic bias can result in design recommendations that reinforce dominant norms, marginalise alternative 

ways of seeing and distort strategic messaging. These risks are compounded by the commercial im-

peratives of AI vendors, who may restrict the scope of training data to reduce development costs and 

maximise return on investment (Crawford, 2022; Samson & Pothong, 2025). This economic logic can 

prioritise efficiency over representational accuracy, further entrenching normative assumptions in 

brand evaluation. 

By contrast, eye-tracking has long served as the methodological benchmark for studying visual at-

tention in advertising and design (Boltz & Trommsdorff, 2022). It offers fine-grained data on gaze 

behaviour, such as fixation duration, saccadic movement and pupil dilation, allowing researchers to 

trace how viewers interact with visual content in real time. Crucially, eye-tracking supports the integra-

tion of qualitative methods, including think-aloud protocols and retrospective interviews, which link 

gaze data to subjective experience (Andry, 2019). This methodological depth enables researchers to 

understand perception as a socially and culturally situated process, rather than a purely visual or 

technical one. In branding, this means that design effectiveness cannot be reduced to visual promi-

nence alone; it must also support message clarity, emotional resonance and audience relevance. 

Despite its strengths, eye-tracking remains underutilised in commercial practice. High equipment 

costs, technical complexity and the need for trained personnel have limited its accessibility, particular-

ly for smaller agencies and brands (Funke et al., 2016; Nordfält & Ahlbom, 2024). This has created a 

demand for automated alternatives that promise similar insights with lower resource investment. Yet, 

the substitution of human-centred methods with machine-simulated outputs introduces significant 

risks. AI tools may replicate the surface features of eye-tracking data, such as heatmaps and gaze 

paths, but they can lack the interpretive nuance required to distinguish between superficial attention 

and meaningful engagement (Olsen, 2025). Such misattributions reveal the limitations of machine 

vision in accounting for lived experience. When outputs are taken at face value, they risk distorting 

brand messaging – by elevating visually prominent but contextually irrelevant elements – and under-

mining strategic intent, particularly in campaigns aimed at culturally diverse or socially sensitive 

audiences. 
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These developments raise important normative and ethical questions about authorship, agency 

and representation in branding practice. As AI tools become more embedded in design workflows, 

concerns emerge about how their outputs are interpreted and acted upon. This paper explores these 

dynamics through empirical engagement with practitioners and experts, examining how algorithmic 

authority is constructed, negotiated and resisted in professional contexts. 

 

1.2. The Algorithmic Gaze: A Conceptual Framework 

This article is grounded in the proposition that artificial intelligence does not merely assist in the 

evaluation of brand communications; it actively shapes the conditions under which brand perception is 

constructed, interpreted and acted upon. Central to this proposition is the concept of the algorithmic 

gaze, which serves as the primary analytical lens for interrogating how AI-supported visual evaluation 

tools simulate, encode and normalise particular ways of seeing. 

The algorithmic gaze refers to the computational reproduction of human attention through machine 

vision systems. It draws on critical media theory and algorithm studies to conceptualise AI not as a 

neutral observer but as a cultural and technical actor that mediates perception (Fisher & Mehozay, 

2019). Unlike the human gaze, which is shaped by embodied experience, cultural context and inter-

pretive agency, the algorithmic gaze is governed by training data, modelling assumptions and 

optimisation protocols. It operationalises attention through quantifiable proxies – contrast, salience, 

centrality – while abstracting away from the social and cognitive dimensions of viewing. In doing so, it 

constructs a normative visual logic that privileges certain design elements and marginalises others, 

often in ways that reflect dominant cultural and commercial priorities (see Exner et al., 2025).i 

Building on this definition, the algorithmic gaze can be understood not only as a mode of percep-

tion but as a mechanism of visual governance. Rather than passively reflecting audience behaviour, 

AI-supported evaluation tools intervene in the design process by shaping what is considered percep-

tually salient or strategically valuable. Their outputs – often presented as visual metrics – can 

influence design decisions and aesthetic priorities. When treated as authoritative, such metrics may 

reconfigure creative agency, shifting decision-making from interpretive judgement to algorithmic pre-

scription (see Cekova et al., 2025). 

This also raises questions of representation and exclusion. Because AI systems are trained on da-

tasets that reflect particular cultural and behavioural norms, their outputs may reproduce dominant 

visual logics while overlooking alternative perceptual frameworks. This has implications for how audi-

ence diversity is recognised – or marginalised – within branding environments. The framework invites 

scrutiny of how machine vision encodes assumptions about what is worth seeing and whose ways of 

seeing are legitimised (see Foka et al., 2025; Numan Said et al., 2025). 

To critically engage with these dynamics, this article adopts a reflexive and interpretive orientation. 

AI-generated metrics are treated not as objective truths but as discursive artefacts; outputs that must 

be read, contextualised and interrogated. The conceptual framework foregrounds practitioner agency 

and supports a more situated, culturally attuned engagement with algorithmic tools. It aligns with 

broader calls in digital media scholarship for transparency, accountability and human-centred design 
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in the development and deployment of AI systems (e.g., Auernhammer, 2020; Heigl, 2025; Zhao & 

Xu, 2025). 

The algorithmic gaze, in this sense, foregrounds the visual and perceptual dimensions of algorith-

mic mediation, particularly in branding environments where creative decisions are increasingly shaped 

by machine-simulated attention metrics. In doing so, it intersects with but remains distinct from adja-

cent frameworks such as ‘algorithmic governmentality’ (Rouvroy & Berns, 2013), ‘surveillance 

capitalism’ (Zuboff, 2019) and critical interrogations of Big Data’s epistemological claims (boyd & 

Crawford, 2012). These approaches have critically examined how algorithmic systems govern behav-

iour, produce knowledge and commodify attention. However, they tend to focus on behavioural 

modulation, economic extraction or epistemic automation (that is, the automation of knowledge pro-

duction and decision-making). The algorithmic gaze, by contrast, centres on the governance of visual 

culture and interpretive agency. It extends Striphas’s (2015) notion of ‘algorithmic culture’ by showing 

how aesthetic judgement is increasingly automated, privatised and rendered opaque. In doing so, it 

critiques the displacement of interpretive agency and the normative assumptions embedded in com-

putational seeing. It offers a framework for understanding how AI-supported tools mediate visual 

perception in branding, not only through technical processes but through cultural and ethical logics. 

This conceptual lens opens space for alternative approaches that prioritise interpretive depth, contex-

tual knowledge and inclusive design. 

While this framework is conceptually grounded, its contours are refined through empirical en-

gagement with practitioners and experts in subsequent sections. 

 
 

2. Methodological Approach and Data Sources 

This study adopts a qualitative, interpretive methodology to examine the ethical implications of AI-

supported visual evaluation tools in branding. Analysis across all datasets was guided by a reflexive 

orientation, foregrounding interpretive sensitivity and the situated nature of practitioner and expert 

responses. Three interrelated data sources inform the study: (1) semi-structured interviews with ad-

vertising professionals, (2) expert reflections from scholars and consultants in AI ethics and inclusive 

branding, and (3) promotional materials from AI tool vendors. 

 

2.1 Practitioner Interviews: Exploring Interpretive Friction 

The first dataset comprises 40 semi-structured interviews originally conducted for a comparative 

study exploring how AI-generated visual metrics and research-grade eye-tracking outputs inform de-

sign judgements.ii Participants, based in Germany, had between three and eleven years of experience 

in campaign ideation, planning and execution, but no prior exposure to eye-tracking technologies.  

Interviews followed a two-part structure: first, participants reviewed system-generated metrics and 

proposed design optimisations; second, they discussed and reflected on their engagement with the 

metrics. A think-aloud protocol combining concurrent and retrospective elements was used to capture 

interpretive reasoning. Interviews were conducted via Zoom, lasted between 45 and 70 minutes and 
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were transcribed for analysis. All participants provided informed consent, and the study adhered to 

GDPR-compliant data handling and institutional ethics protocols. 

These practitioner interviews were re-analysed through a reflexive lens, focusing on moments of 

interpretive friction; where participants questioned, resisted or contextualised algorithmic outputs. 

Analysis was guided by reflexive thematic analysis (Braun & Clarke, 2021), involving iterative reading, 

open coding, memoing and clustering codes into themes that captured ethical and epistemic tensions. 

Rather than applying a rigid coding frame, the process emphasised interpretive flexibility, treating re-

sponses as situated judgements about algorithmic authority in branding practice. This approach aligns 

with qualitative traditions that foreground reflexivity and methodological adaptability in contexts involv-

ing contested knowledge and sociotechnical complexity (i.a., Trent & Cho, 2014). 

 

2.2 Expert Interviews: Situating Practitioner Insights 

The second dataset includes seven expert interviews with senior academics, analysts and con-

sultants based in Germany and the UK. Conducted via Zoom and lasting approximately 90 minutes 

each, these interviews were transcribed and analysed thematically following Braun and Clarke’s 

(2021) reflexive approach to thematic analysis. They extend the practitioner analysis by situating it 

within broader discourses of epistemic authority, cultural representation and ethical design. All partici-

pants provided informed consent in accordance with institutional ethics protocols. The inclusion of 

German experts reflects the geographic alignment with the practitioner sample, though the themes 

explored, such as interpretive agency and algorithmic authority, are not culturally bounded and pertain 

to broader dynamics of human–machine interaction. 

 

2.3 Vendor Discourse Analysis: Constructing Algorithmic Authority 

The third dataset comprises a reflexive discourse analysis of publicly available materials from 3M 

VAS and Feng-GUI, selected to ensure consistency with the original comparative study and alignment 

between practitioner experience and vendor claims. These texts were examined for rhetorical strate-

gies and normative assumptions about perception, attention and design. Particular attention was 

given to how vendor discourse frames algorithmic outputs as objective and prescriptive, shaping prac-

titioner expectations and influencing design decision-making. 

 

2.4 Ethical Frameworks and Interpretive Orientation 

The interpretive approach is informed by three complementary ethical frameworks: Floridi’s con-

cept of the infosphere (2014), feminist data ethics (D’Ignazio & Klein, 2020) and EDI-informed 

critiques of algorithmic bias (Benjamin, 2019; Noble, 2018). Together, these frameworks support a 

multi-dimensional reading of the data, sensitising the analysis to potential risks such as epistemic in-

justice, representational exclusion and the displacement of human interpretive agency. 

Rather than evaluating technical performance, the methodology interrogates the cultural and ethi-

cal implications of AI in shaping brand perception and decision-making in hyperdigital environments. 

Insights from the three data sources inform the development of the algorithmic gaze framework and 

the Interpretive Stewardship heuristic – a model for ethical engagement with AI in branding. 
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3. Practitioner Perspectives: Authority and Ethical Friction 

The re-analysis of practitioner interviews reveals a layered and often conflicted relationship be-

tween advertising professionals and AI-supported visual evaluation tools. While these systems are 

marketed as efficient proxies for human attention, their outputs are frequently met with scepticism, 

interpretive resistance and ethical concern. The following sections are organised around practitioner-

identified themes that emerged through reflexive re-analysis. While these themes resonate with the 

conceptual dimensions of the algorithmic gaze, they were not used as a coding framework and reflect 

situated professional concerns. 

 

3.1. Navigating Algorithmic Design Authority 

A recurring theme is the initial plausibility of AI-generated metrics, particularly heatmaps and gaze 

plots, which often resemble those produced by research-grade eye trackers. Practitioners described 

these outputs as “visually convincing” (P21), with one noting, “everything that is important gets a de-

cent amount of attention” (P22). However, this confidence often eroded under closer scrutiny. AI 

systems frequently flagged elements such as disclaimer text, typically ignored in real-world viewing, 

as high-attention zones. This led to widespread scepticism: “This must be an error” (P31/P32/P36); 

“That’s simply not how people would view this advert in normal life” (P25). 

These responses reveal a deeper concern: the disconnect between algorithmic outputs and cultur-

ally conditioned viewing practices. The algorithmic gaze, as conceptualised in this article, operates 

through computational proxies – contrast, salience, centrality – that abstract away from the lived expe-

rience of perception. In privileging technically prominent elements, it risks misrepresenting what is 

socially meaningful. The repeated misattribution of attention to disclaimers or decorative motifs exem-

plifies this logic. While such elements may be visually salient, they are often culturally conditioned to 

be ignored. The algorithm’s failure to recognise this distinction exposes its blind spot: it sees what is 

technically visible, not what matters in context. 

This dynamic reflects a broader concern about delegated decision-making in hyperdigital branding 

environments. As AI tools become more embedded in creative workflows, there is a risk that practi-

tioners will increasingly rely on algorithmic outputs to guide creative choices. This reliance may be 

driven by time pressures, managerial expectations or the perceived objectivity of data. As one partici-

pant noted, “There’s pressure to act on the data, even when it doesn’t make sense. If the dashboard 

says the logo isn’t working, someone will want it changed, regardless of context” (P33). Another add-

ed, “I’ve seen teams defer to the tech-facilitated output just to avoid debate. It becomes a shortcut for 

decision-making, but not always a good one. Particular younger colleagues who don’t want to go 

heads-on with others within the team” (P39). 

Despite the interpretive limitations and contextual misalignments, practitioners often found AI-

generated outputs compelling, largely because of their visual clarity and ease of use. Practitioners 

consistently praised AI-supported tools for their accessible visualisations, describing them as 
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“straightforward” (P27), “easy to use” (P40) and “self-explanatory” (P25). In contrast, research-grade 

eye-tracking metrics were often described as “confusing” (P3), “overwhelming” (P19) and “intimidat-

ing” (P8), which occasionally made them more difficult to adopt, even when they offered greater 

methodological rigour. This usability gap reflects a deeper epistemological shift in branding environ-

ments; one that can be understood through Floridi’s (2014) concept of the infosphere. AI-supported 

tools do not merely assist practitioners; they actively shape the informational conditions under which 

decisions are made. By determining what is rendered visible, relevant or actionable, these systems 

reconfigure the boundaries of perception and judgement. 

 

3.2. Cultural Blind Spots and Inclusive Design Challenges 

Practitioners also expressed concern about the opacity of the systems. Many noted that they were 

unable to interrogate how attention was modelled or what assumptions were embedded in the met-

rics. As one participant put it, “I don’t know how the software decides what’s important. There’s no 

way to question the logic behind the heatmap. (…) It remains a mystery” (P37). Another added, 

“You’re shown a gaze plot and expected to trust it, but there’s no transparency. It’s hard to challenge 

something when you don’t know how it was built” (P23). These interpretive challenges are amplified 

by the rhetorical strategies used in vendor marketing materials, which shape practitioner expectations 

and influence how outputs are received and acted upon. One AI-supported visual evaluation tool de-

scribes its system as “like having a visual spellcheck”, claiming “92% accuracy” and encouraging 

users to create “designs with impact” (3M VAS, 2025). Similar rhetorical strategies are found with oth-

er AI tools, with another asserting that its reports “closely resemble a 5 seconds eye tracking session 

of 40 people” and that its algorithms are “MIT approved” (Feng-GUI, 2025). These claims position the 

tools as authoritative, predictive and scientifically validated, despite the lack of high-quality, peer-

reviewed evidence. The language used – “the science behind”, “data-driven decisions”, “AI-powered 

neuromarketing”, “precision”, “confidence” – frames the outputs as definitive rather than interpretive, 

reinforcing the prescriptive nature of the algorithmic gaze. 

This prescriptive framing not only shapes practitioner behaviour but also aligns with broader cri-

tiques of datafication, where complex human perception is reduced to quantifiable proxies. These 

concerns about interpretive authority and practitioner vulnerability are further illuminated by feminist 

data ethics, which offer a critical lens on the structural limitations of AI systems, particularly their lack 

of transparency and cultural sensitivity. Building on earlier critiques of epistemic asymmetry in data-

driven decision-making – where access to or control over knowledge is unevenly distributed – feminist 

perspectives emphasise the importance of situated knowledge, contextual sensitivity and the recogni-

tion of diverse ways of seeing. The reduction of perceptual experience to visual metrics such as 

salience scores and fixation paths strips away the nuance of audience engagement and narrows the 

scope of design evaluation. As one practitioner noted, “It feels like the software is telling me what 

people should look at, not what they actually do. There’s a kind of design bias built into these metrics” 

(P40). 

The implications for equity, diversity and inclusion are especially noteworthy. If AI-supported tools 

are trained on datasets that reflect dominant cultural norms, they may reproduce exclusionary design 
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practices and overlook the needs of marginalised audiences. As one practitioner observed, “The sys-

tem doesn’t seem to recognise that different audiences respond differently. It treats all viewers as the 

same, which is a problem for inclusive design” (P32). Another added, “We work with multicultural 

campaigns and these datasets [from the AI tools] seem often to miss culturally specific cues. It’s not 

just inaccurate – it’s exclusionary” (P34). Without cultural calibration, AI metrics risk misrepresenting 

audience behaviour and reinforcing visual hierarchies that privilege certain groups over others. 

 

3.3. Interpretive Agency and Ethical Engagement 

Several practitioners were acutely aware of these limitations. Their responses demonstrate a form 

of interpretive agency that resists the authority of the algorithm, particularly among senior profession-

als. These individuals often drew on their experience to critically assess the outputs, contextualise 

anomalies and override recommendations that conflicted with strategic intent. One senior practitioner 

remarked: “The metrics flagged the product name as the main attention hotspot, but that’s not how 

people read this kind of layout. It’s central, yes, but it’s not emotionally or narratively significant. I’d 

rather trust what I know about how people scan for meaning than what this heatmap says” (P35). An-

other senior strategist noted: “The [AI] system said the call-to-action was underperforming, but it’s 

placed exactly where it needs to be for this demographic. I think it doesn’t understand the context 

here” (P24). These responses exemplify a mode of engagement that treats AI metrics not as definitive 

answers but as interpretive prompts, subject to scrutiny, contextualisation and, where necessary, re-

jection. 

By contrast, junior practitioners exhibited greater uncertainty. When confronted with conflicting or 

ambiguous metrics, they were more likely to defer to the data or reject it wholesale, lacking the confi-

dence to navigate its interpretive complexity. One junior advertiser explained: “I wasn’t sure what to 

make of the gaze plot. It looked convincing, but I didn’t know if it was right. I just went with it because 

it seemed safer than arguing against it when I have no other data to say differently” (P27). This quote 

reveals a layered ethical tension. The practitioner recognises the persuasive power of the visualisa-

tion but lacks the epistemic tools to challenge it. The decision to ‘go with it’ reflects not just a lack of 

confidence, but a structural absence of alternative evidence or interpretive support. 

Finally, the analysis underscores the importance of reflexive practice. Practitioners who engaged 

critically with the metrics – questioning anomalies, contextualising outputs and integrating their own 

experience – were better able to navigate the limitations of the tools. Their responses exemplify a 

mode of engagement that resists the passive consumption of data and affirms the value of human 

judgement. This stance aligns with the ethical imperative of maintaining interpretive agency in the face 

of algorithmic authority. 
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4. Expert Perspectives: Strategic, Ethical and Conceptual Insights 

While practitioner interviews revealed interpretive friction and epistemic vulnerability in everyday 

use, expert reflections extend this critique by interrogating the strategic, ethical and conceptual foun-

dations of AI-supported evaluation tools.  

 

4.1. Strategic and Normative Dimensions of the Algorithmic Gaze 

The concept of the algorithmic gaze, introduced in this article resonated strongly with experts. One 

contributor, a senior academic specialising in AI and advanced computing, described it as “capturing 

something crucial: these systems don’t just observe – they encode assumptions about what matters 

visually, based on training data and model architecture.” This comment underscores that predictive 

attention systems are not passive tools but active agents in shaping visual culture. Another senior 

academic specialising in gender and technology, connected the concept to feminist critiques of vision 

and representation. “It’s not just about what is seen, but about who gets to define what is worth see-

ing”, they noted. “These systems risk reinforcing dominant visual logics that marginalise alternative 

ways of looking.” This framing situates the algorithmic gaze within a lineage of critical theory that inter-

rogates the politics of perception, suggesting that AI tools may reproduce the same exclusions and 

hierarchies long critiqued in media and design studies. 

A third contributor, working in human-computer interaction, described the concept as “a useful 

provocation. It helps us ask not just whether the metrics are accurate, but what kind of visual culture 

they are producing.” This shift, from performance to cultural production, marks a significant departure 

from conventional evaluations of AI tools, which tend to focus on technical fidelity rather than norma-

tive influence. 

The normative and political implications of this shift were explored through the lens of Floridi’s in-

fosphere (2014). One expert argued that “these tools don’t just analyse visual content – they shape 

the conditions under which design decisions are made. They influence what is considered legible, 

effective and valuable, often without users being aware of the assumptions behind the metrics.” This 

observation aligns with the article’s earlier critique of vendor discourse, where AI-supported software 

solutions are described as “developed by expert neuro- and data scientists” (3M VAS, 2025) and 

claim “MIT-approved” accuracy (Feng-GUI, 2025). Such language constructs a sense of scientific le-

gitimacy that obscures the normative nature of the outputs. 

An digital ethicist affiliated with a multinational think tank expanded on this point, stating: “The 

problem is not just technical opacity – it’s epistemic authority. These systems present themselves as 

objective, but they are deeply normative. They tell creatives what to prioritise, often based on unex-

amined assumptions about attention, cognition and desirability.” This critique underscores the need to 

interrogate not only the outputs but the rhetorical strategies through which AI tools gain legitimacy. 

The expert added that “these tools are shaping the information environment of advertising and brand-

ing – what counts as evidence, what gets seen and what gets ignored.” 
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Transparency emerged as a central concern across all expert responses. One contributor noted, 

“You’re shown an end product; that’s all. The opacity of these systems undermines accountability. It’s 

a black box and that’s a problem for both researchers and practitioners.” Another expert argued that 

“without clear documentation of model architecture, training data and validation methods, it’s impossi-

ble to assess the reliability or fairness of the outputs.” A third framed the issue in terms of feminist 

data ethics: “Opacity is not just a technical flaw – it’s a political one. It prevents users from under-

standing how their decisions are being shaped and it reinforces asymmetries of power between tool 

developers and tool users.” 

One digital ethicist proposed that vendors should be required to publish model documentation and 

bias audits, similar to emerging standards in algorithmic accountability. “To guide strategic decisions 

effectively, these tools must meet a higher standard of transparency”, they argued. This recommenda-

tion aligns with broader calls in AI ethics for explainability, auditability and participatory governance 

(e.g., Auernhammer, 2020; Heigl, 2025; Zhao & Xu, 2025). It also resonates with recent develop-

ments in UK advertising and policy, including the Advertising Standards Authority’s 2024-2028 

strategy and Future-proof Advertising: How will AI change advertising and regulation? (Advertising 

Standards Authority, 2023, 2025), which emphasises the need for more effective, responsive regula-

tion regarding AI in branding practice. The Advertising Standards Authority’s proactive monitoring of 

AI activity within the industry, alongside the UK Government’s strategies and white papers (Brione & 

Gajjar, 2024; DSIT, 2025), signals a growing institutional commitment to responsible AI governance in 

commercial communications. 

 

4.2. Cultural Representation, Bias and Inclusive Design 

The implications for equity, diversity and inclusion were explored in depth by three senior brand 

consultants specialising in technology use and inclusive communications. One consultant observed, 

“These systems often assume a universal viewer, but in reality, perception is shaped by culture, con-

text and lived experience. If the model doesn’t account for that, it risks excluding entire audience 

segments.” Another reflected on the broader strategic risks posed by algorithmic evaluation, noting 

that “AI tools often flatten cultural nuance into generic metrics. This can lead to misalignment between 

brand messaging and audience values, especially in campaigns designed for diverse or marginalised 

communities.” The third consultant echoed this concern and further emphasised the need for cultural 

calibration: “For use in inclusive branding, these tools must be trained on diverse datasets and tested 

across demographic groups. Otherwise, they risk reinforcing dominant norms and undermining the 

goals of inclusive design.” All three consultants also raised the importance of transparency in terms of 

the trained data, which would empower users to critically engage with the findings better. 

These reflections extend the critique of the algorithmic gaze by showing how it can conflict with 

EDI principles. They also suggest concrete directions for tool improvement, including dataset diversifi-

cation, participatory testing and the integration of cultural metadata into attention models. The experts 

were clear that inclusive design cannot be automated without context: “You can’t outsource cultural 

sensitivity to an algorithm”, one stated. “It has to be built into the process, not bolted on afterwards.” 
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4.3. Interpretive Agency and Ethical Accountability 

The question of human judgement and interpretive agency was another recurring theme. One ex-

pert warned that “when metrics are treated as definitive, they displace professional judgement. That’s 

dangerous; not just ethically, but strategically.” Another added, “Design is not just a technical exer-

cise, it’s a cultural and communicative one. Reducing it to salience scores ignores its complexity and 

undermines its social function.”  

The brand experts proposed that AI tools should be designed to support interpretive dialogue ra-

ther than prescriptive output. “Instead of telling users what to do, the system could present multiple 

interpretations, highlight uncertainty and invite reflection. That would be a more ethical and empower-

ing approach.” Others added: “We must use the metrics as a starting point, not a conclusion. They’re 

useful, but only when combined with experience, intuition and audience insight.”; “There’s a risk that 

junior teams will defer to the data too quickly. We’ve had to train people to treat the outputs critically, 

not as gospel.” 

Across these reflections, a shared set of strategic priorities emerged: the need for transparent sys-

tems, inclusive design processes and critical literacy around ethics and power. One contributor 

summarised the strategic imperative: “If these tools are going to be part of the design process, they 

need to be accountable, interpretable and inclusive. Otherwise, they risk doing more harm than good.” 

 
 

5. Synthesis of Practitioner and Expert Insights 

Practitioners and experts alike recognise that AI-supported visual evaluation tools do more than 

measure attention; they actively shape how visual meaning is constructed and legitimised. While prac-

titioners engage with these systems in the immediacy of creative workflows, experts reflect on their 

broader epistemic and strategic consequences. Together, these insights shine a light on how the al-

gorithmic gaze operates not only as a technical function but as a mode of visual governance – 

prescribing design priorities, configuring perception and redefining the conditions of creative agency. 

Practitioner responses reveal a persistent tension between operational utility and interpretive trust. 

Senior professionals often resisted algorithmic outputs when they conflicted with contextual 

knowledge or strategic goals, demonstrating reflexive judgement. Junior practitioners, by contrast, 

tended to defer to the metrics, particularly in the absence of alternative evidence or institutional sup-

port. This asymmetry underscores a deeper issue: the uneven distribution of interpretive agency in 

hyperdigital branding environments. Where algorithmic outputs are treated as authoritative, those with 

less experience or confidence may feel compelled to follow them, even when they contradict lived 

experience or communicative intent. Over time, this dynamic risks institutionalising algorithmic au-

thority; not only in creative decisions but in the culture of branding itself, where data-driven outputs 

are privileged over human insight and critical reflection. 

Expert reflections extend these practitioner concerns, situating them within broader discourses of 

epistemic authority, normative design logic and ethical accountability. They affirm the algorithmic gaze 

as a critical tool for understanding how AI systems encode assumptions about attention, value and 
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visibility. Importantly, they highlight that the risks posed by these systems – exclusion, misrepresenta-

tion, homogenisation – are not incidental but structurally embedded in how algorithmic outputs are 

operationalised and legitimised. 

To move beyond critique, the synthesis draws on Floridi’s (2014) concept of the infosphere to re-

frame branding environments as informational ecosystems shaped by algorithmic systems and vendor 

discourse. These systems act as informational agents, determining what counts as evidence and how 

creative agency is distributed. This raises ethical questions about the design of the infosphere itself: 

who controls its architecture, whose values are encoded and how transparency and accountability are 

maintained. Reframing branding practice through Floridi’s lens invites a shift from tool adoption to in-

fosphere stewardship; a responsibility to cultivate environments that support ethical reflection, 

pluralistic knowledge and inclusive design. 

Building on this reframing, feminist data ethics extend the synthesis by shifting the focus from cri-

tique to co-liberation (D’Ignazio & Klein, 2020). Co-liberation reframes ethical design not as harm 

mitigation alone, but as a collective project of empowerment; enabling diverse practitioners to chal-

lenge normative systems and reshape design culture. Inclusive design literacy becomes not just a 

technical skill but a political strategy, equipping practitioners to resist epistemic asymmetry and assert 

interpretive authority. Embedding co-liberation into branding workflows means designing tools that 

support dialogue, uncertainty and multiplicity, not just optimisation. It also means recognising that eth-

ical design is inseparable from structural change: cultivating cultures of critique, redistributing 

interpretive power and ensuring that AI systems serve the goals of equity, not just efficiency. 

What emerges from the synthesis is a sharpened conceptual focus on the algorithmic gaze as a 

mechanism through which normative assumptions about perception, value and design are encoded 

and enacted. AI-supported evaluation tools must be understood not as neutral instruments of optimi-

sation, but as cultural artefacts that require critical negotiation. Both practitioners and experts 

advocate a shift from passive adoption to active interrogation, foregrounding human judgement, con-

textual nuance and ethical responsibility. This reorientation of branding practice includes cultivating 

design literacy, embedding reflexive protocols into creative workflows and ensuring that algorithmic 

systems support rather than supplant creative and strategic agency. It also demands transparency, 

inclusivity and interpretive depth; anchored in ethical stewardship of the infosphere and guided by co-

liberative design principles. 

To consolidate these insights into a usable framework, this article introduces a heuristic for evalu-

ating AI-supported visual tools in branding environments: the Interpretive Stewardship (see Figure 1). 

Developed in response to the normative and epistemic risks surfaced through the lens of the algo-

rithmic gaze, this model offers a scaffold for resisting these tendencies and cultivating inclusive, 

reflexive creative practice. Interpretive Stewardship comprises three interlinked dimensions, each ad-

dressing a distinct facet of ethical branding in hyperdigital environments: 
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1. Epistemic Transparency: Drawing from Floridi’s (2014) infosphere, this dimension emphasis-

es the need for visibility into model architecture, training data and decision logic. It reframes 

AI tools as informational agents whose influence must be made legible and accountable. 

2. Situated Interpretation: Informed by feminist data ethics and EDI-informed critique, this di-

mension foregrounds the importance of contextual knowledge, lived experience and cultural 

nuance in interpreting algorithmic outputs. It resists the flattening of perception into abstract 

metrics and supports pluralistic ways of seeing. 

3. Co-Liberative Practice: Extending D’Ignazio and Klein’s (2020) notion of co-liberation, this di-

mension calls for participatory design, inclusive testing and critical literacy. It positions ethical 

engagement not as a reactive safeguard but as a proactive strategy for redistributing interpre-

tive power. 

Together, these dimensions offer a scaffold for reflexive engagement with AI tools – one that sup-

ports human judgement, resists normative closure and cultivates ethical stewardship of the branding 

infosphere. 

 

Figure 1. Interpretive Stewardship: A Heuristic for Ethical Engagement with AI in Branding 

To operationalise the Interpretive Stewardship heuristic, branding teams must adopt three inter-

linked practices. First, epistemic transparency should be a baseline requirement: only AI tools with 

clear, auditable documentation of model architecture, training data and decision logic should be con-

sidered for implementation. Second, situated interpretation must be actively supported. Practitioners 

should be encouraged, and institutionally enabled, to contextualise algorithmic outputs using audience 

insight, cultural nuance and strategic intent. This includes embedding interpretive protocols into de-

sign workflows and resisting reductive metrics. Third, co-liberative practice requires targeted training 
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in inclusive design literacy, enabling teams to critically engage with AI outputs and challenge norma-

tive assumptions. Guidelines should explicitly promote this reflexive engagement, ensuring that 

automation augments rather than overrides human judgement. 

 
 

6. Conclusion 

AI-supported visual evaluation tools are reshaping the epistemic and ethical foundations of brand-

ing. This article has shown that these systems do not simply simulate human attention; they prescribe 

visual hierarchies that reflect modelling assumptions, cultural biases and commercial imperatives. In 

doing so, they reconfigure how brand meaning is constructed, interpreted and legitimised in hyperdigi-

tal environments. 

The concept of the algorithmic gaze developed here offers a critical lens for understanding this 

transformation. It bridges branding, media theory and AI ethics, enabling a shift from evaluating AI 

tools based on performance metrics to interrogating their cultural and normative influence. By apply-

ing ethical reflection frameworks – Floridi’s infosphere, feminist data ethics and EDI-informed critiques 

– the article reframes AI metrics as discursive artefacts that risk narrowing interpretive possibilities 

and embedding design biases that exclude culturally specific ways of seeing. Methodologically, the 

combination of practitioner and expert insights and vendor discourse critique exposes how algorithmic 

authority is constructed and sustained through rhetorical and technical opacity. 

These contributions are significant for both scholars and practitioners. For researchers, the article 

offers a vocabulary and analytical toolkit for studying AI-human interaction in branding. For practition-

ers, it highlights the need to maintain interpretive agency when working with algorithmic outputs, 

ensuring that data-informed decisions remain aligned with strategic goals, audience insight and crea-

tive intent. 

In response to this article’s research question, the findings demonstrate that AI-generated visual 

metrics influence brand communications not only by guiding creative decisions, but by shaping the 

conditions under which those decisions are made. The risks of epistemic distortion, representational 

exclusion and the erosion interpretative agency are not peripheral but central to how these tools oper-

ate. 

To address these risks, the article proposes the Interpretive Stewardship heuristic – a three-

dimensional framework comprising epistemic transparency, situated interpretation and co-liberative 

practice. This model offers a scaffold for reflexive engagement with AI tools in branding environments, 

supporting human judgement, resisting normative closure and cultivating ethical stewardship of the 

infosphere. Future research could operationalise this heuristic through participatory audits, cross-

cultural testing protocols and longitudinal studies of practitioner engagement. Such approaches would 

help evaluate how interpretive agency is distributed, how ethical awareness evolves and how brand-

ing teams negotiate the balance between automation, creativity and inclusivity. 
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Institutionally, these findings align with emerging regulatory priorities, such as the UK Advertising 

Standards Authority’s 2024-2028 strategy and the recent calls by the UK Government for rapid adop-

tion of AI across sectors. Embedding human-centred values into AI systems, through transparency in 

modelling assumptions, cultural calibration of training data and participatory development processes, 

is not only an ethical imperative but increasingly a regulatory and socio-political expectation. 

As the algorithmic gaze continues to shape the visual culture of branding, the challenge is not only 

to refine the tools, but to interrogate and reconfigure the values – about perception, authority and de-

sign – that these systems encode. Ensuring that branding remains a site of cultural negotiation rather 

than computational prescription will require a sustained commitment to co-liberation, ethical reflexivity 

and inclusive design literacy. 
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i  Note: The conceptual framework of the algorithmic gaze draws on a synthesis of insights from recent scholarship in AI 

ethics, media theory and advertising research. While the cited works do not directly theorise the algorithmic gaze, their 

analyses inform the interpretive logic developed here. 

 
ii  Olsen (2025) employed a two-phase design. In the first phase, eight static advertisements, selected for varying levels of 

design complexity, were evaluated using two research-grade eye-tracking systems (SMI/RED and Tobii T60) and two AI-

supported software tools (3M VAS and Feng-GUI). The objective was to generate comparable visual metrics (e.g., 

heatmaps, gaze plots, focus maps, AOI rankings) across systems to prepare stimulus material for practitioner interviews. 

Due to the limited transparency of the AI tools, only headline outputs were analysed, focusing on the interpretive value of 

the metrics rather than their statistical equivalence. In the second phase, 40 advertising professionals based in Germany 

participated in semi-structured interviews. Ten participants were assigned to each system, with a mix of junior and senior 

professionals, all of whom had experience in campaign ideation, planning and execution but no prior exposure to eye-

tracking technologies. Interviews followed a think-aloud protocol and explored how practitioners interpreted the metrics 

and formulated design recommendations. The current article re-analyses these interviews through an ethical and reflexive 

lens. 


